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[Abstract] Artificial intelligence has brought significant changes and advancements to the medical field,
with particular markable impacts in the domain of electrocardiography. This has led to the emergence of artificial
intelligence-enabled electrocardiogram (AI-ECG). This paper mainly introduces the application of AI-ECG in

arrhythmia, coronary heart disease, cardiomyopathy and valvular heart disease, and further explores the current
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challenges and future application prospects of AI-ECG.
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